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Which sense does an onomatopoeia belong to?
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Abstract: This study aims to develop a system which visualizes subjective information. Focus-
ing on onomatopoeias as such information, we estimate which senses an onomatopoeia belongs to
among “touch”, “taste”, “smell”, “hearing”, “sight”, “pleasure (positive)” and “unpleasure (neg-
ative)”. For this purpose, we use a machine learning method (Support Vector Machine) which
utilizes phonetic symbols and the number of occurrences of them in the onomatopoeia. Then,
the experimental result for evaluation demonstrates that (1) the best performance is achieved for
“hearing” and “sight”, and (2) the performance of the classifier is similar to that of human. Finally,

we propose the system which creates city maps displaying distribution of subjective information

for senses.
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