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Summary

Due to the expansion of the Internet, many patients havewsd#ng texts on their own disease. Because these
texts could be potentially promising resources for clihiegearches, a technique to retrieve information formeueti
texts draws much attention. However, a difference betwegatiant term and a medical term might be a problem.
To investigate this problem, this study examined the tefffieidince using both patient texts and clinical texts. First
we gathered 167 disease journals from the web, and manudicted disease term from them. We did the same
to dummy clinical records. As a result, the amount of terna thdicates complaints in disease journals is 40% of
the clinical health records. The 60% of them matched to taedsrd medial terms exactly. Most of them focus on
mental symptoms and QOL information.
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